
European Economic Letters  
ISSN 2323-5233        
Vol 15, Issue 4 (2025)    
http://eelet.org.uk    

 

1103 

Bibliometric Insights into Behavioral Finance: An Analysis of 

Publication Growth and Scholarly Impact (1988–2024) 
 

Nitika Chaudhary1*, Jasvir Singh Sura2 

 
1*Research Scholar, Department of Management, Chaudhary Ranbir Singh University, Jind, India  
2Dean and Chairperson, Department of Management, Chaudhary Ranbir Singh University, Jind, India 

 

Abstract 

Purpose – This study aims to look into changes in the publication trends of behavioral finance 

research papers published between 1988 and 2024. This paper uses Bradford's rule to identify which 

journals are well-known for their scholarly production on behavioral finance context and Lotka's 

law to assess the writers' output. 

Design/methodology/approach – This paper combines bibliometric analysis, which uses The Lens 

database to perform an accurate and comprehensive statistical analysis of publications to examine 

the trends in behavioral finance over the years. 125 articles from 96 sources were selected for the 

present research out of 1000 articles retrieved from 433 sources. 

Findings – The results have confirmed that the field of behavioral finance is expanding, and more 

scholars are paying attention to it. There was only one published paper between 1988 and 1992. It 

became well-known in 2007, and in 2023 and 2024, thirty-five articles were published. A list of the 

most popular articles in the database was included in the results. Samuelson (1988) tops the list with 

4724 citations for his 1988 Journal of Risk and Uncertainty article. 

Originality/value-This paper reviewed relevant literature that is available on The Lens 

Database. It covers an extended time frame of almost five decades (1988-2024). This paper attempts 

to look into changes in the publication trends of behavioral finance research papers. This study 

builds a solid theoretical framework for researchers and academicians by demonstrating the 

available literature on behavior finance. 
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1. INTRODUCTION 

Since the mid-1950s, the field of finance has been dominated by the traditional finance model 

developed by the economists. The conventional finance model's basic assumption is that individuals 

are rational, meaning they make decisions that are in their best interest and based on all available 

information. According to standard finance theories, Investors operate rationally, and stock and 

bond markets are efficient. Financial economists assume that people (investors) behave rationally 

while making financial decisions, whereas psychologists have discovered that economic decisions 

are made irrationally, and they challenged this traditional finance premise. Investors can make poor 

financial judgments due to cognitive mistakes and severe emotional bias, so they act irrationally. 

Over the last few decades, behavioral finance has emerged to address how personal and societal 

psychology influence financial decisions and investment behavior. Psychologists who suggested the 

Behavioral Finance model were met with disbelief in the finance profession. The psychologist 

Daniel Kahneman and economist Vernon Smith, who were given the Nobel Prize in Economics in 

2002, were the first to address behavioral finance. At this point, financial economists began to 

believe that investors act irrationally. Our brains use shortcuts and emotional filters to absorb 

information even when making financial decisions. It explains how psychological factors influence 

individual investors' investment decisions and how perception affects the mutual fund market. It is 
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worthwhile to investigate whether the discipline of psychology can assist investors in making more 

rational financial decisions. 

The study of investors' psychology when making financial decisions is known as behavioral finance 

(BF). It is the study of the impact of psychology and sociology on financial practitioners' behavior 

and the consequent impact on the market. Behavioral finance is an add-on concept of finance that 

aims to enhance traditional financial theories by including behavioral components in the decision-

making process. Behavioral finance deals with individuals and ways of gathering and using 

information. At its core, behavioral finance evaluates how individuals make financial decisions. 
Behavioral finance helps understand and anticipate the financial market implications of 

psychological decision-making processes. Furthermore, it used psychological and economic 

principles to improve financial decision-making. Scholars and experts describe the term Behavioral 

finance in a variety of ways. 

"Behavioral Finance is the study of psychology's influence on financial practitioners' behavior and 

the subsequent effect on markets. Behavioral finance is interesting because it explains why and how 

markets might be inefficient." Sewell (2011) 

Several behavioral biases affect investors, resulting in psychological errors and poor decision-

making. When faced with complex and confusing judgments, investors use rules of thumb, or 

heuristics, to make probable, inefficient conclusions. Theoretically, behavioral biases are described 

similarly to systematic errors in judgment formation. Over time, researchers compiled an extensive 

list of explicit biases, which they then applied to individual investor behavior to see how it affected 

their decisions. Various studies refer to these biases as heuristics, thinking, judgments, and cognitive 

and psychological errors. Although this categorization of prejudice is valuable, the fundamental 

theory of why investors are prone to certain biases has yet to be developed. 

With time, research has shifted from traditional to modern research with the help of the latest tools. 

Several academics have previously carried out SLR and bibliometric analyses in related fields, such 

as Costa, Carvalho and Moreira (2018), Punia and Ahmed (2023), and Costa et al. 2017, using the 

Web of Science and Scopus databases. However, there is a scarcity of bibliometric analysis papers 

on the subject conducted using The Lens Database. This scarcity has prompted us to use the Lens 

Database for the current study, which we believe is a significant contribution to the field, given the 

novelty and importance of our research in this area. The current study, with its unique approach, 

promises to provide fresh insights into behavioral finance. 

This study aims to investigate how publication trends in behavioral finance research papers, 

published between 1988 and 2024, have changed. The study applied Lotka's law to examine the 

authors' output and Bradford's law to determine which journals are prominent in behavioral finance 

context and their scientific production. These laws, known for their robustness and reliability, will 

help us determine the gaps in the literature's research and recommend paths for further study, 

ensuring the rigour and thoroughness of our research. 

The current study have organized the remaining portions in the following manner: the methodology 

part comes after the introduction in the first section. The study then presented the results. The final 

section covers the conclusion and future research directions. 

 

2. METHODOLOGY 

In terms of methodology, the current study is quantitative and descriptive. It is a bibliometric 

analysis that investigates the publication trends in behavioral finance through a robust and 

trustworthy statistical analysis of publications. As highlighted by Liu, Gu, Hu, Li, Liao, Tang and 

Shapira (2014), bibliometric analysis is a valuable and trustworthy tool for assessing scientific 

output, including the social sciences Carlson and Ji (2011). The study's article collection was 

sourced from The Lens database, an agglomeration database that deduplicates and unifies search 

syntax by combining bibliometric data from different databases (like PubMed and Crossref). No 
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limitations were imposed during the publication refinement to ensure the study received quality 

content. After extracting 1000 articles from 433 sources, 125 research papers from 96 sources were 

chosen for this study based on their relevance, field of study, and keyword analysis. The sample of 

this study includes data from 1988 through 2024. We employed bibliometric analysis with R studio 

4.4.1 and statistical methods for our findings with biblioshiny, further underscoring the 

trustworthiness and validity of our research process. 

 

3. RESULTS : Bibliometric Analysis 

3.1 Data extraction process 

Based on our research, we extracted 1000 papers from The Lens database in CSV format and then 

applied the screening process. We included documents based on the study's relevance, keywords, 

and subject of study in English. We excluded books, conference reviews, seminars, for our study. 

After screening, a total of 125 research papers were selected. It could be seen in figure 1. 

 

Figure 1 

 
 

It can be seen from Table 1 that there are a total of 249 authors who have contributed to the 

publication of 125 articles in 96 reputable journals that have been subjected to peer review. These 

authors come from various fields, including business, management, accounting, economics, 

econometrics, finance, arts and humanities. 30 authors have a single research document. The study 

activity was associated with the period from 1988 to 2024. The total references were 2429—

resulting in a collaboration index 2.18 between the co-authors per document. Scientific productivity 

is increasing at a rate of 8.52% per year. The average age per year for documents is 5.9, whereas the 

average citation per document is 69.5%. 

 

  

Extraction
•Total No Of Records Extracted From Database(n=1000) 

Screening

•Screening Of Records Done(n=1000)

•No Of Record Excluded(n=875) Based On Relevance,keywords,field Of Study

•Book Chapters,conference Review Are Excluded

Selection

•Final Studies Included For Review(n=125)

•Articles In The Lens Database,english Language,both Global And Local 
Documents Included
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Table 1: Information about Data 

Parameters Results   

Time span 1988:2024 

Sources (Journals, Books, Etc) 96 

Documents 125 

Annual Growth Rate % 8.52 

Document Average Age 5.9 

Average Citations Per Document 69.5 

References 2429 

Document Contents 
 

Keywords Plus (ID) 3 

Author's Keywords (DE) 3   

Authors 249 

Authors Of Single-Authored Documents 30 

Authors Collaboration 
 

Single-Authored Documents 31 

Co-Authors Per Documents 2.18 

International Co-Authorships % 0 

Document Types 
 

Journal Article 125 

 

3.2 Annual Scientific Production of Articles 

The evolution of publications about trends in behavioral finance throughout time is seen in Table 2. 

The number of research articles produced annually between 1988 and 2024 is displayed. According 

to the statistics, there was 1 research article published in 1988–1992 and 35 in the 2023–2024 year. 

This rise, which is especially noticeable from 2007 onward, signifies a growing interest and 

awareness of the subject. There has been an upward trend in publications since 2007, indicating a 

maturing field of study. In the first eighteen months of 2023–2024, 35 articles have been published. 

Figure 2, which illustrates the rise in papers published during the review period, clearly indicates the 

increasing significance of the topic. The pattern unequivocally demonstrates that interest in the 

subject is growing and that scholars are becoming more aware of it. This growing awareness among 

scholars in the field further emphasizes the importance of the topic, making the audience feel the 

increasing significance of the topic. 

Table 2 

Year Article 

1988-1992 1 

1993-1997 1 

1998-2002 0 

2003-2007 3 

2008-2012 18 

2013-2017 23 

2018-2022 43 

2023-2024 35 

 

Figure 2 
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3.3 Annual Citations Per Year 

Table 3 clearly shows that just one article was published in 1988, written by Samuelson (1988), who 

has 37 citable years and the most significant number of citations (4724), followed by 109 citations 

in 1996 and a promising 777 citations in 2007. Their citation pattern is dropping as the number of 

articles on the issue has increased. Figure 3 illustrates the dynamic nature of the average citation, 

which reached its maximum in 1988, a significant achievement, and then began to decline until 

2007, when it increased again, signaling a bright future for the research. It shows 6.4 to—16 mean 
citations per year from 2009 to 2024, indicating a fluctuating trend in the field. 

Table 3 
Year Mean TC per Article N Mean TC per Year Citable Years 

1988 4724 1 127.68 37 

1996 109 1 3.76 29 

2004 70 2 3.33 21 

2006 1 1 0.05 19 

2007 777 1 43.17 18 

2008 548.5 2 32.26 17 

2009 102.33 3 6.4 16 

2010 0 1 0 15 

2011 70.6 5 5.04 14 

2012 12.29 7 0.95 13 

2013 93 1 7.75 12 

2014 0.83 6 0.08 11 

2015 69 4 6.9 10 

2016 11.57 7 1.29 9 

2017 71.2 5 8.9 8 

2018 22 2 3.14 7 

2019 9.29 7 1.55 6 

2020 5.86 7 1.17 5 

2021 5.44 16 1.36 4 

2022 3.27 11 1.09 3 

2023 0.38 16 0.19 2 

2024 0.16 19 0.16 1 
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Figure 3 

 
 

3.4 Three Fields Plot 

Based on a Sankey diagram, a three-field plot beautifully illustrates the ties and connectivity 

between nations, writers, and sources. The height of the rectangular nodes not only indicates the 

frequency of occurrence of each country, author, or source in the collaboration network but also 

underscores the collaborative nature of our academic community, in which each of us plays a crucial 

role. 
As seen in Figure 4, the Three-Field Plot shows the title in the right field, the abstract in the left 

field, and the authors in the middle field. The graphic illustrates a thorough examination of 

individual market behavior regarding the impact of behavioral biases on investors. Investments, 

risks, factors, stocks, and overconfidence all impact this. Kwashala (2021), who investigated 

investor decisions, including risk stock behavioural biases, is one of the authors who examined these 

effects. A few other authors, including Basheer (2020), Bilal (2024), Zhang (2023), and others, 

investigated related impacts. 

 

Figure 4 
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3.5 Most Relevant Sources 

Altogether, 96 journals published 125 publications, a significant contribution to our understanding. 

The top ten most pertinent journal sources, as shown in Table 4, have provided valuable insights. Of 

the 17 papers in the sample, the SSRN Electronic Journal published the most articles, a noteworthy 

finding. The most well-known journal in the sample is Review of Behavioral Finance, which comes 

in second with five papers, and Advances in Economics, Management and Political Sciences, Indian 

Journal of Finance, which comes in third with three papers apiece. In the chosen dataset, five 

eminent sources released two articles apiece, each adding to the significance of our research. 
However, only accounting and finance published one paper during the allotted time, but its 

contribution is not to be underestimated. 

 

Table 4 

Sources Articles 

SSRN Electronic Journal 17 

Review Of Behavioral Finance 5 

Advances In Economics, Management And Political Sciences 3 

Indian Journal Of Finance 3 

International Journal Of Economics And Finance 2 

Journal Of Behavioral Finance 2 

Journal Of Economic Perspectives 2 

Journal Of Financial Services Marketing 2 

Qualitative Research In Financial Markets 2 

Accounting And Finance 1 

 

Figure 5 

 
 

3.6 Bradford Law 

The scientific output of literature is described in the context of core journals by Bradford's Law—

table 5 lists 13 journals in zone 1, classified as a core journal. The top-ranked SSRN Electronic 

Journal is followed by the Review of Behavioral Finance and Advances in Economics, 
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Management, and Political Sciences, which comes in second and third place, respectively. The last 

items on this list are Advances in Research and ACTA VSFS. 

Figure 6 presents a graphical presentation of the core journals, with 13 top journals in zone 1 and 17 

journal articles on the x-axis. The SSRN Electronic Journal demonstrated the highest productivity 

compared to all other journals. 

 

Table 5 
Source Rank Freq Cum Freq Zone 

SSRN Electronic Journal 1 17 17 Zone 1 

Review Of Behavioral Finance 2 5 22 Zone 1 

Advances In Economics, Management And Political Sciences 3 3 25 Zone 1 

Indian Journal Of Finance 4 3 28 Zone 1 

International Journal Of Economics And Finance 5 2 30 Zone 1 

Journal Of Behavioral Finance 6 2 32 Zone 1 

Journal Of Economic Perspectives 7 2 34 Zone 1 

Journal Of Financial Services Marketing 8 2 36 Zone 1 

Qualitative Research In Financial Markets 9 2 38 Zone 1 

Accounting And Finance 10 1 39 Zone 1 

Acta Universitatis Lodziensis. Folia Oeconomica 11 1 40 Zone 1 

Acta Všfs 12 1 41 Zone 1 

Advances In Research 13 1 42 Zone 1 

 

Figure 6 

 
 

3.7 Sources Local Impact 

Table 6 showcases the competitive nature of our field, with the Journal of Economic Perspectives 

leading in total citations with 1001, and the SSRN Electronic Journal taking the lead in H-Index 

with 5. Figure 7 further highlights this, showing that the Journal of Behavioral Finance has an H-

index of 3, while the H-indices of the following five journals are as follows: the International 

Journal of Economics and Finance, the Journal of Financial Services Marketing, and Qualitative 

Research in Financial Markets have h-index of 2. 
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Table 6 

Source H Index G Index M Index TC NP 

PY 

Start 

SSRN Electronic Journal 5 15 0.238 226 17 2004 

Review Of Behavioral Finance 3 5 0.5 54 5 2019 

International Journal Of Economics And 

Finance 

2 2 0.142 103 2 2011 

Journal Of Behavioral Finance 2 2 0.125 108 2 2009 

Journal Of Economic Perspectives 2 2 0.111 1001 2 2007 

Journal Of Financial Services Marketing 2 2 0.222 6 2 2016 

Qualitative Research In Financial 

Markets 

2 2 0.142 55 2 2011 

Acta Universitatis Lodziensis. Folia 

Oeconomica 

1 1 0.1 1 1 2015 

African Journal Of Business 

Management 

1 1 0.071 31 1 2011 

African Journal Of Economic And 

Management Studies 

1 1 0.25 9 1 2021 

 

Figure 7 

 
 

3.8 Most Relevant Authors 

Table 7 presents the most well-known authors in the current study on behavioral biases among 

investors, showcasing their dedication to research. Kumar (2004) has published four articles 

between 1988 and 2024. Zhang (2023) known for his thorough research, has contributed three 

articles in 2023, while Basheer (2020) has added two in 2020. In terms of article fractionalization, 

Kumar (2004), Zhang (2023), and Basheer (2020) have 3, 2, and 1 articles fractionalization, 

respectively. Figure 8 further highlights their commitment, with Kumar (2004) leading the pack 

with the most publications (4), followed by Zhang (2023) 3 publications in 2023 and the following 

authors: Basheer (2020), Bilal (2024), Czaja (2017), De (2012), Goetzmann (2004), Hariyanto 

(2024), Kapoor (2024), and Kawshala (2022) with 2 publications. 
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Table 7 

Authors Articles Articles Fractionalized 

Kumar A 4 3 

Zhang M 3 2 

Basheer A 2 1 

Bilal R 2 0.4 

Czaja D 2 1 

De S 2 1 

Goetzmann Wn 2 1 

Hariyanto D 2 1 

Kapoor S 2 0.833 

Kawshala Bah 2 1 

 

Figure 8 

 
 

3.9 Authors Productivity Over Years 

Table 8 illustrates the writers' output over time. Kumar (2008) and Goetzmann (2008) have the most 

significant number of citations (1056 each) for their publications, and the total number of citations 

per year was 62.11. Kumar (2004) and Goetzmann (2004) have 133 total citations each for their 
articles published in the SSRN Electronic Journal in the year 2004, or 6.33 citations annually. 

Kumar (2009) article in the Journal of Financial and Quantitative Analysis from 2009 has 292 total 

citations, or 18.25 citations annually. Figure 9 demonstrates that Zhang (2023) published three 

papers in 2023 but received no citations. In 2020, Basheer (2020) published two publications with 

zero to twenty citations. Regarding authors' production over time, Kumar (2008), who produced two 

articles in 2008 with more than sixty total citations annually, is at the top, indicating a sustained 

level of interest in his work. Bilal (2024) and Hariyanto (2024) authored 2 paper in 2024 with zero 

total citations annually, suggesting a lack of immediate impact but potential for future recognition 
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Table 8 

Author Year Source TC TC 

PY 

Kumar A 2009 Journal Of Financial And Quantitative 

Analysis 

292 18.25 

Kumar A 2008 SSRN Electronic Journal 41 2.411 

Kumar A 2008 Review Of Finance 1056 62.117 

Kumar A 2004 SSRN Electronic Journal 133 6.333 

Zhang M 2023 Advances In Economics, Management And 

Political Sciences 

0 0 

Hariyanto 
D 

2024 Journal Dimensie Management And Public 
Sector 

0 0 

Kapoor S 2024 The Journal Of Investing 0 0 

Bilal R 2024 Bahria University Journal Of Management 

& Technology 

0 0 

Kawshala 

Bah 

2022 South Asian Journal Of Finance 2 0.666 

Kapoor S 2022 Review Of Behavioral Finance 4 1.333 

Basheer A 2020 Business And Economic Research 2 0.4 

Czaja D 2020 The Quarterly Review Of Economics And 

Finance 

14 2.8 

Czaja D 2017 SSRN Electronic Journal 2 0.25 

De S 2012 SSRN Electronic Journal 2 0.153 

Goetzmann 

WN 

2008 Review Of Finance 1056 62.117 

Goetzmann 

WN 

2004 SSRN Electronic Journal 133 6.333 

     

 

Figure 9 

 
 

3.10 Lotka’s Law 

In each given field, the frequency of publishing by writers is described by Lotka's law. Table 9 

indicates that 229 authors, with a frequency of 0.919, have contributed to a single publication. The 
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frequency of contributions from the 18 writers in the two articles is 0.072, while the frequency of 

contributions from the 1 author in the three and four papers is 0.004 each. Figure 10 presents Lotka's 

law graphically, with the percentage of writers on the X axis and the number of documents authored 

on the Y axis. Findings indicate that around 92% of authors have contributed to a single document, 

7.2% to two publications, and 0.4% to three and four papers, respectively. 

 

Table 9 

No. of Articles No. of Authors Frequency 

1 229 0.919 

2 18 0.072 

3 1 0.004 

4 1 0.004 

 

Figure 10 

 
 

3.11 Authors Local Impact 

The number of articles an author has received at least that many citations from other authors is used 

to compute the H-index. Table 10 shows that Kumar (2004), with a h index of 4, is at the top of the 

list. Czaja (2017), Goetzmann (2004), and Roder (2017) are next on the list, all with h indexes 2. 

With 1522 citations overall, Kumar (2004) has the most, followed by Goetzmann (2004) with 1189 

citations and Ahmad (2017) with 35 citations. Once more, Kumar (2004) leads in the overall 

number of publications, with four, beginning in 2004. Czaja (2017), Goetzmann (2004), and Roder 

(2017) are next, with two each, starting in 2017 and 2004, respectively. 

 

Table 10 

Author H Index G Index M Index TC NP PY Start 

Kumar A 4 4 0.190 1522 4 2004 

Czaja D 2 2 0.25 16 2 2017 

Goetzmann WN 2 2 0.095 1189 2 2004 

Röder F 2 2 0.25 16 2 2017 

Abbes Mb 1 1 0.076 32 1 2012 

Abdelfatteh B 1 1 0.076 5 1 2012 

Adil M 1 1 0.333 7 1 2022 

Aftab M 1 1 0.2 1 1 2020 

Ahmad Z 1 1 0.125 35 1 2017 

Ahmed Z 1 1 0.333 15 1 2022 
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Figure 11 

 
 

3.12 Most Global Cited Paper 

Table 11 lists the most frequently cited articles in the database. Samuelson (1988) whose 1988 essay 

in the Journal of Risk and Uncertainty received 4724 citations overall, is at the top of the list. These 

high citation counts indicate the significant impact of his work on the field. Goetzmann (2008), 

whose 2008 piece in the Review of Finance received 1056 citations overall, is second. Third place 

goes to Benartiz (2009), whose 2009 essay in the Journal of Economic Perspectives received 777 

citations overall. These citation counts reflect the influence and relevance of their respective works. 

Kumar (2009), whose 2009 piece in the Journal of Financial and Quantitative Analysis received 292 

citations, is next. Chent (2013) total citation count was the lowest at 93, with a work published in 

the Journal of Behavioral Finance and an annual citation count of 7.75. The graphical representation 

of these sources is seen in Figure 12. 

 

Table 11 

Paper Total 

Citations 

TC Per 

Year 

Normalized 

TC 

Samuelson W, 1988, Journal Of Risk And Uncertainty 4724 127.675 1 

Goetzmann WN, 2008, Review Of Finance 1056 62.117 1.925 

Benartzi S, 2007, Journal Of Economic Perspectives 777 43.166 1 

Kumar A, 2009, Journal Of Financial And Quantitative 

Analysis 

292 18.25 2.853 

Daniel K, 2015, Journal Of Economic Perspectives 224 22.4 3.246 

Mohammadi A, 2017, Small Business Economics 220 27.5 3.089 

Anderson CW, 2011, Journal Of Banking & Finance 196 14 2.776 

Goetzmann WN, 2004, SSRN Electronic Journal 133 6.333 1.9 

Olsen Robert A, 1996, Financial Analysts Journal 109 3.758 1 

Chen T, 2013, Journal Of Behavioral Finance 93 7.75 1 

 

  



European Economic Letters  
ISSN 2323-5233        
Vol 15, Issue 4 (2025)    
http://eelet.org.uk    

 

1116 

Figure 12 

 
 

4. CONCLUSION 

Comprehending prevalent behavioral biases is crucial while making financial decisions. These 

prejudices may cause investors to make less-than-ideal investment choices, resulting in poor results. 

Through comprehension of these biases, investors can steer clear of costly errors. Being conscious 

of one's biases is the first step towards lessening its effects, even though some are hard to prevent. 

Thus, researchers carried out a bibliometric analysis to comprehend earlier studies and create a 

framework for the existence of term behavioral finance over the years. The Lens database was used 

to gather articles for the study from 1988 to 2024. Based on the data, it is evident from the 

publishing pattern that the issue is growing and that more researchers are focusing on it. From 1988 

to 1992, there was only one published article. It gained popularity in 2007 and reached 35 published 

pieces in 2023 and 2024. 1988 saw the highest annual citation total of 4724, with 109 citations in 

1996 following suit. 

The SSRN Electronic Journal published the most articles out of the 17 papers in the sample. Review 

of Behavioral Finance, a highly respected journal, ranks second in the sample with five papers. 

Advances in Economics, Management and Political Sciences, Indian Journal of Finance, which 

ranks third with three papers each, is also well-regarded. These two journals are known for their 

high-quality research and are trusted sources in the academic community. Five distinguished sites 

published two articles each from the selected dataset. However, in the allocated time, only one 

article was published by the Accounting and Finance Journal. According to Lotka's Law, which 

measures author production, renowned scholar Kumar (2004) wrote four publications between 1988 

and 2024. Famous for his extensive study, Zhang (2023) has written three articles in year 2023, and 

Basheer (2020) has added two in 2020. Basheer (2020), Zhang (2023), and Kumar (2004) have 1, 2, 

and 3 articles fractionalization, respectively, in terms of article fractionalization. Kumar (2004) was 

first in line with four publications, followed by Zhang (2003) and the writers Basheer (2020), Bilal 

(2024), Czaja (2017), De (2012), Goetzmann (2004), Hariyanto (2024), Kapoor (2024), and 

Kawshala (2022) with 2 publications. 

Lastly, the results showed a list of the database's most frequent articles. At the top of the list is 

Samuelson (1988) whose 1988 article, published in the Journal of Risk and Uncertainty, earned 

4724 citations. These citations show how much his work has impacted the field. In second place is 

Goetzmann (2008) whose 2008 article in the Review of Finance earned 1056 citations. Benartiz 

(2009) ranked third with 777 citations for his 2009 essay published in the Journal of Economic 

Perspectives. The number of citations for any work reflects its importance and influence. Next is 

Kumar (2009) whose 2009 Journal of Financial and Quantitative Analysis paper garnered 292 

citations. With a paper published in the Journal of Behavioral Finance and an annual citation count 

of 7.75, Chent (2013) total citation count was the lowest at 93. 
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One of the most significant areas for improvement in this research is bibliometric analysis, which is 

currently limited to gathering citations. Its findings could be more transparent regarding whether 

they were used favourably or unfavourably. Despite being one of the most extensive databases, not 

all studies on behavioral biases are included in the Lens. As a result, it's possible that other foreign 

databases like PubMed or Scopus were used. Future research is advised to do a more thorough 

content analysis due to the limitations of bibliometric analysis. This could potentially have a 

significant impact on the field. It does not display articles based on the country of the current study 

or the fundamental biases influencing investors' investment decisions. The bibliometric analysis 
reveals relationships, but a more thorough content examination is advised to determine the positive 

or negative impact. 
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